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Based on accessibility to government personnel data and
preliminary results of political power network analysis, the project
aimed to construct localized and fine-grained network modeling, as
well asto develop and verify instruments of node measurement and
structure analysis. The specific accomplishments are: (1) apply link
prediction method to evaluate promotion pattern of government
agency ; (2) apply link prediction method to evaluate candidacy of
high-level government post ; (3) apply event ranking in dynamic
social network model to observe government official’s political
changes. The project built upon previous research experiences and
results in both ego-centric network and complete network, and
focused on local network structures and behaviors. This empirical
investigation has led to modification and improvement on various
measurements and instruments of social network analysis. Another
implication for the application domain is the realization of an
objective and verifiable data sources for the interpretation and
understanding of domestic political power structure.

The values of the project’ s research results are two folds: (1)
provide analytic results that are systematic, objective, and
dimensional for domestic political power domain ; (2) construct a
new investigation domain for the verification, improvement, and
innovation of social network analysis methods. In addition, the
project signified a constructive dialog of research issues between



computer science and social sciences. The interdisciplinary research
results may help create a new field of political informatics.
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Abstract

Based on accessibility to government personnel data and preliminary
results of political power network analysis, the project aimed to
construct localized and fine-grained network modeling, as well as to
develop and verify instruments of node measurement and structure
analysis. The specific accomplishments are: (1) apply link prediction
method to evaluate promotion pattern of government agency; (2) apply link
prediction method to evaluate candidacy of high-level government post;
(3) apply event ranking in dynamic social network model to observe
government official’s political changes. The project built upon previous
research experiences and results in both ego-centric network and
complete network, and focused on local network structures and behaviors.
This empirical investigation has led to modification and improvement on
various measurements and instruments of social network analysis. Another
implication for the application domain is the realization of an objective
and verifiable data sources for the interpretation and understanding of
domestic political power structure.

The values of the project’s research results are two folds: (1) provide
analytic results that are systematic, objective, and dimensional for
domestic political power domain; (2) construct a new investigation
domain for the verification, improvement, and innovation of social
network analysis methods. In addition, the project signified a
constructive dialog of research issues between computer science and
social sciences. The interdisciplinary research results may help create
a new field of political informatics.

Keywords: social network analysis, link prediction, government post
candidacy prediction, dynamic social network analysis,
political power and bureaucratic promotion observation
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T MNIE - A pFE § mahseed personset = B 395 5 B g iR E 0 4
T%njf - AP e angp i B E IS § i seed person set = R A p ek
Pottn T RERE A g R BER S A DI IR P& EFTIRE LS
FBB B R F A EREAIES FEARAREY R 2 bR
# B 3 424 @ accumulation procedure ~ weighted accumulation procedure % vote
procedure -

a) Accumulation: M AR AR F A RS FLBTIEEZ R o

b) Weighted accumulation : Bk ix ¢rop# [ Bh27 3% pF 2L 404 B 4
B AR AR S o PRR A S o A BT LIEGE i
PR R PR o P E B E 6 F kP Accumulation #kiE
it % Bﬂ« i EZEAE & e

c) Voting accumulation : % — P S8 it % T- A prpr
Seed Person Set & R < i B @ AT B4 P HERE 0 4 € xR A
TR RS J‘l;}i&l/{f%?{gi oo

32 B REFERI B FRARF R R
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Wi

TR-HIFEFEBR LT R LA BRSNS

LN o AR 311 22 ar i s o wliRdp A algh g B Bk B~ 27
BAE BB R FF AT ML RRES cdok - 1T 2 R INEE AN
ﬁﬂ'JIE ’ K'f ‘/_,, i[} * F mJIKﬁKFﬁ ?P JI,{ e FB’T ;M‘B%L‘Zi‘/’a L*‘Fl «‘; ;:_B %ﬁ—z [ r‘f’JL—L

B
1) 1% Level : ministers, political deputy ministers, and secretary generals.

2) 2" Level (Top Rank Bureaucrats) : administrative deputy ministers and
deputy secretary generals.

3) 3 Level (2". Rank Bureaucrats) : directors , deputy directors of
departments.

1) 4™ Level (3. Rank Bureaucrats) : directors , deputy directors of agencies.

Foo LE (52 FORTRALA 3RF (f30)
Government unit Position Government nnit Position
Office of the . . Secretary
Bureau Chief Judicial Yuan ) ¥
President General
Deputy Deputy
Executive Yuan Secretary Judicial Yuan Secretary
General General
Ministry of Admimistrative Deputy
Transportation & Deputy Legislative Yuan Secretary
Communications Minister General
. Admimistrative
MWlinistry of the . Secretary
Deputy Control Yuan .
Interior o General
Minister
o Administrative
Mimstry of Deputy Tainei Citv Secretary
Foreign Affairs FPU P : General
= Minister
Ministry of Administrative . .- Secretary
: Deputy EKaochsiung City !
Education - CR General
Minister
Admimistrative
. . Department of .
Ministry of Justice Deputy himister
1 o Health
Winister

3.2.2 ¥ 5 % & (merit-based) &2 4p /% o (at-will) 2 = 18 5

j\/}?ﬁi’ﬁifi’%ﬁg El*‘lt‘gﬂﬁﬂfﬂ%ﬁ"’“ 1’3—‘\"7”5]’?‘%
AFEERAEDE AR B RSO AR KR TRE W A A 1Y ph
TP FosRE LRSS B VAR ST A

1) # 4 %+ (merit-based) © & T4 TIFTR =8 F R b B AT DR AR
E\‘?lﬁ‘«iﬁﬁi” f‘marﬁ TR Hbj\g%:“zp;.}%,ﬁ_igg_éggé\;{“ﬁ*
blhodk p SR 0T 2 BB S BT BRI - R AL AT

xS

b

o

h

iyl
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LR~ AErip ARG T 2t AT BN 2 g B R

LT 3
% 42 e @B e (vertical promotion) e

1rm\. 'Q"

)

2) dpinde (at-will) @ & TR LSRR S F R hH Bl ¥ Lk p o s

CF H B m47:}ﬁwxé\«ﬁ’ﬁa’ %1“7%%214”\351 T ¥ RET R
FUp PR B L c L FRE 4] - & AR RIS £ RIE S o i AR
R LR SRR § R T R S & Fear e SR
(horizontal promotion) -

o

i g?b LR %é’d*%ﬁ:i\: E TFB?’TJT# @ ""”’F‘/? | ese 3 gh ﬂ\;»;féfﬁg}i $ET
- B2 ez iR ZA’LFT‘_‘}']@KF A ‘iﬁ"?’*"’ﬁ ﬂ—\#ﬂ/‘&%’? 18 B ‘RS E R A
s #_— bureaucracy level 45 1% -

3.2.3 7R3k T & Acceptable accuracy X ® & R

Acceptable Accuracy E_* 12 1% % 3= bureaucracy level 71— B A # = »2i =i
GiE R LR E PP - RIE R AP AL TR R RS B
34)3 F gﬁifﬁfi&éiv‘ FUM Y - PPl E AT P AR rﬂfv:f‘j—& FEHFTH

T #\ SRUEEER S S ST W o % /f THIELF REEF (3T

§ PEBEREE R R RDTF)E T o FIU AP T A ) F LR e
;\ Vi 'L»“ I SRR AT § R gh e

A g FoRE 2 1988~2008 eyt o &3 R LR FERCRE R OFA R
oo R B1F 54168 £ T o TR B ﬁ_iﬁ; K7 R

1) Candidacy Ranking : L% % Iy 4 faBizaf 3] (312 = BRirizE £ » & 104
B FiEAT 2 P R )

2) Merit Principle: g% 18 Brc it 2 S &7 G o 2 (£ 104 B #Fif
At R )

33 B*H AL RRZFEFARENAKTRIES RVRE

R - BT A EFMDFR S Zho A 475 £ 8 R By
o LS FEI G e L - Ay £ R ARRAT e TR AR 24k g

PRAEELRD T MIL L PR UFE T R AR REB TR A
O PR SR R T R R ERY BLES BEY Y
EEPEA g EREEE R AP gﬁ,f;]_;\ﬁgg:;ej_' gmf‘}ié ,ﬁ;?r

Tl € R AT Z AT REEFTHREY S HEENF R P AR RS

PR A R o DS PR R 1Y 0 2 EventRank (0 B 2 kLR IFCRT ﬁ
LB R S BT B A FT RPN A A FE R B IR AL ﬁ%«j
Wit PR 2 e MY M-S S E RihrciE R4 iﬂ%?*igﬁgit & —
BFALGR X7 BRI LR R A e R iUz 3 e
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B2 gy BRI R R
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331  FRrF R MBI EaE 2

AP G BRAL ¢ R W F R LG R T R
BREREF AL RR  EFIASRRELE L - BH T AR A D
ZER A A ﬂxa:“wpﬁ,psfﬁﬁqgta\ﬁﬂmig R AR AR ) LB H P 4o N iR E
Fen? ko B d iR T 0 TR ARSI EA ngﬁeuﬁ%w Feh
AL G RE T B FA TR B THRE ST AR - AhRRY 0 &8
NEP R ;j_gg!\A;ﬁo G BLYT & BE2 [ nm RSB Y P o ehn o= AR
HEo@ R FP23T Bl o ZRA R ERE S PpRER FEHBIE
B AR 2 BN G BRI ) B A U] BRI RE A B TR

FALHSRET U AT RFTREE L B30 ESFHR
Ay bt g %W??E,"lﬁj*%p%;‘ipka° AT RFORLE KRR TT
EA AAFO9 ATV 2L P F P A RBREBOEG EF AP SRR
- BRiEEAE 10 E 0 0 PR S § R ALDE B IR LB T R T D
Mo grE 2 - BRAAUHM ARE > FRE =Y SR T4 Y FAR
PHEEEY o RN A Bt ] o W R Tk s N BN G (P T
2R ® AR sgfﬁwrs SRR Fh R N PAFEIR KT IR E AR R 4 A
e 227 Fefehle k. FiEG| - BITREATLBARHE UE B%Eif_éﬁ& B
;ﬁd TR S 'F“” VR AERT LRGSR Bt FAOTH

i%wmﬂ%w%’%$4@%w§4wéo*“%**%%%3$@’¢

@,%’.‘zkﬁﬂimf R Bk Bl o RFE BT &&"frfﬂﬂ*’(]‘%{»"r‘{'?ﬁ&
—FER MY o ZFE R DR RART e R £ A 2 B o

Wy TR &l

/1

A b de/1
ﬁﬁ%ﬁ/ I%%E/l /1

I A S8 TR A1)

@

332  wERZE B eRERE

<

VR ?ﬁﬁﬁ“”‘i-’ai% LB R # L
L ‘fr’ﬁ%n"’&:@: ’@,aj_ﬁrmq—.g‘bﬁ,}io 0 EEeh
ﬁﬁg"f‘“”" BB o0 W TRz R RRPET O LR E
o B AR RRE BT Q L BRI R SR AR
ﬁéi%“°¢%4@m%ﬁﬂfﬁ@% FRENA A R ES g A AT

&
2
K
< ]
P .,
0.
W
F_L \4/ ‘“ﬂ'
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HeRLPE o A A O R RIT o T AP SRR A B F e g
TR 1 B R e B 6B

AOFHASRAA REFOER QLA AP
o T fEAR AL 0 B 7 5P AL Rk 1091 E P opedt S R PRoT R B

1) Avd(new) : FRES? Brv A BAREAE ook F BT LR 4
T B R M BB 0 TR R S ATH (new) o

2) EE(active) : LY R AR § 2 TR ER L > RA SR
PR e AR T o FREEARBSORE QAP S EBET 5 F
E (active) -

3) = i&(promotion) : frATH - BERF Y 0 R EBEA P A A PR Y o
AL B A o B R BRI o e - LG 8
(promotion)

4) #pmi(leave) : A& F R MR 1B o Z L HEEAE K KOPEF e o on
T A ER o T A A P & Bk 4R 5 4R (leave)

5) @ ik(retired) : R o3BT R A G- R R EARFKF RO T HER
o PR EHEEAIUFE Y RS- BRI A E R G RIG
B0 ip Ut BRI A PO & BRAR 5 1T R s & B AR R 5 1T R(retired) o

)
\‘

DB AL R FR-1991 E O FTIR G e E-PR
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333 ™ EventRank ¥ & £ f v rchry R 24 £ %

EventRank cipr s & £ S g 4 P> A ent 3 18% Ap3 B ESEE
B FBERmE G - BAAeE o v Y AL uniform distribution 3 &
RFEF Unon b d e S Bal) o LN RATESG S 0 FEF BF R 40
R AR I A 0 R g WWFW*%OM%ﬁﬁ%ﬁﬁ%?%%
’?imﬁ*ﬁ B R E KT LA B RR A A AR BT LR
f°‘““Wjﬁ"”%Ww»ﬁwwma’%*%%Ai&%ua$%¢;&
fritidde@® o B R A L ARE L 3288 A FMpRT DR FS > AR
F'm/”\)»fi”?'?‘%”ﬂr EAIRIRE AR A A H A A\@:ﬁ}gumﬁ R
EventRank =3¢ » =344 &b%irzf ol = JUE

}:\"1

PRy

Ria(v)

veP:R (W) +o ="
1 sor Ria(d)

Qi
P: Ri—l(v)' 1_—_]_

Ni_y

] 8: EventRank = ;%
334K TE F K
AT R WATIRARTT #1 AR 99 £ BBk g B L oG 59,912

TRE s ¢ 73 19836 X o B TNEEEE > S yj&{f@;&ﬁﬁ%ﬁvg‘ﬁfﬂ
«frﬁ%\;fj_og;i IR P .ﬂ-}f(}"«l-‘ea B ,:—ﬁz.;gif:r\ AR R IR (TR T o B
TRE DR T I~ PAFIR o~ pogn wzzz»"fi N7 SN T AL SN L SN I L
ﬂ%‘«xf_ﬁx% ;;,?4¢u’ MEPE~FPE o—‘,‘;iﬂ@ﬁ#‘i&ﬁ Z’%ﬁbﬂ’ff’rszfl?’ o
PR S o F "v;zfm «Li%ﬁ frd 0 AT ERFET e Bh oA B 5
i%"a\ ;;ﬂ Eﬂ‘ﬁi ?3(—’;‘}97 Bﬂ«l"'ﬁxrs L E O RME A 10““dlr+1—@,/€1
218 0 & 3904+3232“&%?1"’“5‘15&?1'0“ NEF & e

%{ﬁ&\wuﬁ’ﬁp SRS £ ) 0k E R FREA N A T - A
A he e R PR 2 5 1990 £ 50 > £ 5 256 Rt & B o (i 3,232 £ R &
2 s BAPER S 2010 # 70 0 £ 4 1300 B R H 8 -

AFTRNE G PR SREL RE AR 910 2 dynamic network

construction ~ EventRank algorlthm % ranking process = 31 & fici o = o
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Preprocess ;
« [NHSEIEE
! | » [ARERPE R (5]
l o [BEArEHERE]

Manager-subordinate
Dynamic Network Relationship Network

Construction

o [FFARARERS i )
* (B AR EO

Network
Snapshot

EventRank EventRank

Algorithm Module

o [EventRankji#E Bx]

Ranking Process

Ranking Process
Module

Rank List

« [EEEHER

Bl 9-10 & fi g By & B Tk SLIEHE

1) # i g2 4 (dynamic network construction)
1990-05-21 1991-05-21 2010-05-21
Snapshot Snapshot Snapshot
D Exist
Select Situat Sllllzltjs zzpan_
Souce ion P nm‘:sr';:‘
erson
e
Leave/
A Retired
-
Check Exist Verte
Depart. X Set
&App Snapshot
Person Depart
&Appoi
mﬁfnutl Promote
Not Exist
EventRank
(New Node) Same
Appuointment
F19-2: # fi b Be i i A2
LR F R HES o d WENEEE R TR AN E LR AR £t
TR L LBRT A o ek LBRRIAY A Az L A TE BT T AR
ched G AR EEFSRTI0F A B oo fR- R eE B MU A P AhiE R 0k
B @R AT HGR A o b E TR P LSS ET G e 0 B
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-;I’L AR RS ATH G EE o B A AR &g
- PR A EEEG SRR I R o b PR
W o

ﬁg\_“#l

2) EventRank;i & /2

EventRank:# & ;2 fie s & B BI04 » & - 3040 ¥4 8 S 8- doid > S Bk
E*ﬂﬁﬁwnﬁkﬁ’uﬁ;z%4w¢ﬁwﬂmahg;frumwﬁﬁmw<gg?

PR B e e 5 AT Y Ria(d) ML @ R L 4 T
T o F 3 WA BPFP RIS Z S i p nT 1Y Ria(d) * F R

LR ERRER ST Y Rod) SR FEventRank 2 55 5o g 5

BHfeE R K AR R RS B 5 1k o @ EventRankixr & % e £ fr
R BB HCE T T 0 AR R BRI W Mg E S B 4
B 30 o SELR IR A ER - F - &S BRI Sk
—ﬁ%ﬁﬁw*“%mﬁﬁ F B R E % 2% EventRankiF & i H
K 2

3) # Z#icle (ranking process)

(S AR L R BP-Roha Bho o TR DS EEP L o e AP L
L

FRdad fvo b h e APR A L Lok S LR P YR

-y

T~ BERHAMNSG

Bx

ﬂ\k‘gm—‘,l.é_‘uﬂ:{)tr&iﬂﬁﬂp,}lﬁ_ BRI F R Pﬁm?‘
P A HRTIL G R R g E A R A BB R
RESEE R kY S S SRS LR T =t R
@ﬁﬁﬂﬁiiﬁ?ﬁﬁikFﬁ”#ﬁﬁbﬁ3%%ﬁ%ﬁWﬁp*ﬂﬁi
FoHE A N TALE 241 14 L3R A M HEHES Z AP P2 P HK
PERIRG SRS BRIt o

41 FHkE%
411 B* Ak g R BRI LBEL Kﬂif(}ﬁ-%kfiﬁﬁ*ﬁﬁg

P AR LR R IR S B TR B BB BT 4
ZES 1#513‘/@m**'5%&47§ VAR Y IR A AR BT ?’ﬁ’%“’km%
kA 2 R FETER] & Wﬁﬂw&*Aﬁwfﬁ’ﬁ AT R R A
FARA ALY SR GRS 2 LY “ﬁﬁﬁiﬁﬁﬁ‘ﬁﬁﬁﬁﬁ

\

16



B 4 b %

A4 &

41 4] ./.|} LY -16‘

L BB > F)A @ TR R B
F AT i e R

m”?/?] 3]
EnR Fes o Fla R FZ L AERZED

i BB SRS S ol T AL

SIERAE S ] E L N IR LT
EARREFTHEY T3 KT

» WL IR

P2

:5{
>+ prediction network ® -

S AR B R (35

%
R26MBR) s A R BRAEN RER EaS A2 LB B uET T 14
135 %

BEA IR RS b R Y

S & 2 S e g U o I BT AR e

KW i do a WERE 12%‘«;&!1

1) o = fcdEd (1580 % 1 ik p ovs AR EE YY)

60.00% -

50.00% -
= 40.00%
30.00% -
20.00%
10.00% -

0.00% -

Top 10

accumulation
—e—weighted
—=—\iote

12 3 4 56 7 8 910

40.00% -

30.00% -
20.00% -
10.00% -
0.00% -

15.00%

10.00%

5.00%

0.00% -

Top 5

accumulation
—e—weighted

—\jOtE

12 3 4 56 7 8 910

Top 3
,—o—o—o—o—o
accumulation
// _____ —e—weighted
- —vyote

12 3 4 5 6 7 8 910

®10:

100.00%

80.00% -
60.00% -
40.00% -
20.00% -
0.00% -

60.00% -
50.00% -
40.00% -
30.00% -
20.00% -
10.00% -

0.00% -

25.00%
20.00%
15.00%
10.00%
5.00%
0.00%

X HAF (5B E 0 ForF ovs AR E T3 )
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i) g o

1)

1) o o

60.00%
50.00%
40.00%
30.00%
20.00%
10.00%

0.00%

40.00%
30.00%
20.00%
10.00%

0.00%

15.00%

10.00%

5.00%

0.00%

2) ifiv = HdFed (1S9 %70 Foird Vs 122 i)

accumulation

N
AN

o— weighted

—=—vaote

12 3 45 6 7 8 210

Top 5

accumulation

/ g o— weighted
/
‘91 — —Vvote
12 3 4 65 6 7 8 9 10
Top 3
,—.—H—H |
accumulation
f // o— weighted
rd
/ — —Vvote
| A

12 3 4 56 7 8 9 10

i

i 0] 4 o

80.00%

60.00%

40.00%

20.00%

0.00%

50.00%
40.00%
30.00%
20.00%
10.00%

0.00%

20.00%
15.00%
10.00%
5.00%
0.00%

BI11: dhiv = Hedgsd (1B E 11 st f ovs 2B E Tt 7)

3) AL RELFORE U FIFE (2 weighted accumulation & 1)

Top 10
90.00%
80.00%
70.00% —— —
60.00%
5 5000% .
= 40.00% —— =T (14)
= ——E873)
30.00% ’
——Ex72)
20.00%
10.00%
0.00%
5 10 15 20
BBEHEREE
BI12: A+ € Bt T "L B4F 34 ("2 weighted accumulation % 1)
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1 2 3 4 5 6 7 8 9 10
Top 5
e
7/
7/

1 f7
__12345678910
Top 3

—d =
IV
1 2 3 4 5 6 7 8 9 10



4) F Fnf 2 mimagip] (4 weighted accumulation & B, Ak g B FORRE
220+, Ei =t #ic 5 5)

Top 10

100.00% -+

90.00% 4/5 4/5 4/5

L} i S S S
?g'ggﬂﬁz ] 2/3 4/6 4/6

60.00% 1 3/
50 00% -
40 00% - 1/3

30.00% - 174
20.00% -
10.00% - H H
0.00%
: &
Hoet

100.00% - — —
90.00% - 4/5
80.00% - — 0
70.00% - 3/5 2/3%
60.00% | 3/6
50.00% - 2/5
40.00% 1/3

30.00% ~
20.00% -
10.00% -

0.00%
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Top 3

80.00%

60. 00% 36
215
40. 00% 173 2/6
20.00% | ®
||| 04 03
0.00%
: G 5 R

for = 3/3
100. 00%
90. 00%
80. 00%
70. 00%
60. 00%
50. 00%
10, 00%
30. 00%
20. 00%
10. 00%
0.00%
iR %\ R R R
'(@- L ‘r't:”\' R ?‘i‘“‘ *’&
N R o gﬁ
S A
P
Nl S
& &
Ko S
¥

B114:Top5 # Fe30F" 2 B =77 R

412 R B BIERN B BFAT BB EREER

1) Candidacy Ranking : iz 45 B154~ % § 2% /% % > 2\ 7 7 #-acceptable
accuracy i # > kg5 2 I erTop-KA 2 &% b e i > » )J-}u{ Top 10 : 50% -
Top5:30% > Top 3:20% -

20



Accpetable Accuracy

90.00%

50.00%

T0.00%

60.00%

30.00%

40.00%

30.00%

20.00%
10.00%
0.00%

B political appointees

Top 3

Top 5

Top 10

¥ top rank bureaucrats

B second rank bureaucrats ™ third mank bureaucrats

Yok = Br 0 A

Bh

115 : Acceptable Accuracy 4= # iB:E % %

F

B2 A LTop-k2 TR kRS

42 : Candidacy Ranking & F sk %

Acceptable Accuracy
) Top level executive positions (political appointees)
Hit Range . Weighted
Accumulation ,
accumilation Voie procedure
procedure
procedure
Top 3 11.54% (3/26) 11.54% (3/26) 7.69% (2/26)
Top 5 30.77% (8/26) 34.62% (9/26) 26.92% (7/26)
Top 10 33.85% (14/26) 53.85% (14/26) 50.00 % (13/26)
Second level execntive positions (top rank bureancrats)

Top 3 19.23% (5/26) 19.23% (5/26) 15.38% (4/26)
Top 5 46.15% (12/26) 50.00% (13/26) 42.31% (11/26)
Top 10 73.08% (19/26) 76.92% (20/26) 65.38% (17/26)

Third level executive positions (second rank bureancrais)
Top 3 19.23% (5/26) 19.23% (5/26) 15.38% (4/26)
Top 5 4231%(11/26) 46.15% (12/26) 38.46% (10/26)
Top 10 69.23% (18/26) 73.08% (19/26) 61.54% (16/26)

Fourth level executive positions (third rank bureatcrats)
Top 3 15.38% (4/26) 15.38% (4/26) 11.54% (3/26)
Top 5 38.46% (10/26) 42.31% (11/26) 34.62% (9/26)
Top 10 61.54% (16/26) 65.38% (17/26) 57.69% (15/26)
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244

2) Merit Principle : §d § 53K 3+ #7480 BL% hbureaucracy level » 2% i & 1 g
7 5 fo 55 & 0% M (bureaucracy level 33E iplg % B M) Ry il % A
52 A% % 0 W (Poor) : FTHE B, PNFCIR ;P

TR, 02 R,

(Average) : & 5 8%, 4 Efe, I, RiERF, KA, TENN R

(Good) : 3+ &p, BTN, ENAIN, EFRIN, PAILIR, FER e
# 3 : Merit Principle & 9 % %%

Acceptable Acceptable

accuracy Government unif accuracy Government Unift

(Top 5) (Top 10)

Executive Yuan,
0% Legislative Yuan, 25% (1/4) Executive Yuan

Govermment Information
Office

16.67% (1/6)

Office of the Presudent

33.33% (1/3)

Legislative Yuan,
Government Information
Office

20% (1/5) Ministry of Interior 40% {2/5) Mmistry of Interior
Ministry of Education,
P Ministry of Foreign )
33.33%(1/3, oA e cras 2 Office of the President,
2/6) eirs. Examinarion 0% (3/6) | \fmistry of Education.
Protection Administration,
Minstry of Transportation
40% (2/3) and Communications, 60% (3/3) Ministry of Examunation
Ministry of Examination
Examination Yuan,
Mmistry of Foreign
50% (3/6) Ministry of Economic 66.67% (2/3, Affairs, Ministry of
' Affairs 4/6) Economic Affairs
Environmental Protection
Administration,
Ministry of Justice,
60% (3/3) Ministry of Finance, 75% (3/4) Ministry of Civil Service
Judicial Yuan
Mimstry of Justice,
Mimistry of Finance,
§6.67% (2/3) Ministry of Audit 80% (4/5) Judicial Yuan, Ministry of

Transportation and
Commumnications

75% (3/4)

Ministry of Civil Service

100% (3/3)

Ministry of Audit, Atomic
Energy Council

100% (3/3)

Atomic Energy Council
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PR N KA N BB FE D @A P o BTG L - B
ﬂﬁ?tm%ﬁﬁﬁﬁﬂsmﬁ$4’“%&ﬁ&%&mﬂfaﬂg,ggﬂé
kA B 5L -k AR R E o - B BRI e Ao
164777 » 5 H 7302 L EABPES g1
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_ b
# 20 3 23Kl
R 3 —ARELHA2
vr T _BEB3
% : i
7 10 13 Af 4
4 — B A5
e A6
0 OV NAT wENT
FYRgS
b 0
G @Q S g ﬁeffcﬁS
@ A IERRQ
4y
BII6: #c+% - - L d@gid g
2) 2RI B R
??u%jpbﬁiﬁ S A 1) ~,-|1§L;),_ﬁﬁ,_§_r§4 > f“'ﬁ{‘ﬂjoi%;‘; G g

@k%ﬁﬁﬂ’ﬁmﬁ%E%ﬁ@mwmﬁ&&Nmobﬁ (AR MR LS
FA R SRR B dek G R P RR G SRR R 2 A R B
YeBLTHT7F 5 L2 Aok A R R B

ﬁ%wm
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3) FsEA WA PG A g

AR F AL REF AR EBRT > A mT S AR Frn
B4 ks o R AREED - APTRBIERARE - F - kBT B
E’x‘*’» R89E (& %2000455)."1737:  BFCFrE Y hE R R ¢
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Recommendation (I1) (Room 419)
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Keynote % 7eif &

[Keynote 1]
Professor Jiawei Han, University of Illinois at Urbana-Champaign, USA
Towards Integrated Mining of Multiple Social and Information Networks

RankClus & steps: 1. Initilization-> K cluster, 2. Ranking, 3. Generating new measure ,
4. Adjusting Cluster

30




[Keynote I1]
Johnny Engell-Hansen, Head of Operation Unit, Council of the European Union
Title:Can Early Warning be Improved by Enhancing Open

Political Data (Career Data) -> Political Activities
(approx. 70%~80% Accuracy would be acceptable)
Micro -> Miso -> Macro: focuse on evolutionary and dynamics, look into the relations
between snhapshots
It's an updating model, we have to revise it constantly. It's the patterns we are search
about.
sentiment analysis: to know what people are really talk about
-> Liu Bin's Opinion Model

[Keynote 111]

Arno H. P. Reuser, Chief, Open Source Intelligence, Defence Intelligence and Security
Service

Title: A changing nature of warfare requires a change of mindset of defense intelligence
and the role of OSINT and social networks therein

Information Summarization
Group Formation

SocFeed Viewer, Cheen 2011

Combining Collaborative Filtering & Social Filtering -> recommendation
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