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Research on Continuous Query Processing Techniques over Data streams
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Abstract
During the last couple of years, many researchers have paid their attention to data stream
management, which is much different from the conventional database management. At present, the
new type of data management system, called data stream management system (DSMS), has become
one of the most popular research areas in data engineering field. To satisfy all kinds of requirement
in DSMS, we focus on the core technique — continuous query processing and have developed the
key techniques for the concerned applications. Moreover, we develop the multiple query processing
techniques for the sensor network by considering the real environment and the characteristics of
sensors. Furthermore, a robust system is constructed for users to efficiently monitor the sensor

network.
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