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Rapid advances in network commun
-ications, software and hardware technologies
bring huge amounts of data and form the data
as continuous data streams. A data stream is an
unbounded sequence of data persistently
generated at a high speed. Due to its characters
different from data stored in traditional
databases and many applications relative to it,
an enormous number of researchers pay
attention to this research issue. At present, a
new type of data management system, called
data stream management system (DSMS), has
become one of the most popular research areas
in data engineering field. One of the kernel
technologies in DSMS, namely continuous
query processing, is developed in this project.
The continuous query processing technology in
this project is decomposed into three partitions
query
processing, query and data stream monitoring

including  relational  continuous
and sequential continuous query processing;
each of them has been specified in the proposal
of this project.

In the past one year, we have
accomplished the purpose goals of the first
year of this project. In the field of relational
continuous query processing and query and
data stream monitoring, multiple queries can
be viewed as query trees, and relying on

frequent sub-trees mining, common
sub-queries can be found and applied to
optimize global execution plan for these

multiple queries. In the filed of sequential



continuous query processing, we propose a
novel method based on n-gram to continuously
process queries over event streams to find all

approximate answers.
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