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Analyzing “Choose at Most k Items” Type of Questions
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Abstract

Although “Check All That Apply”
questions are most frequently spotted in a
questionnaire, “Choose at Most k Items” type
of questions can also be seen from time to
time. However, statistical analyses on this
type of questions never seem to go beyond the
level of summary statistics. One of the reasons
may be due to the fact that statistical methods
that can be applied to analyze the data
collected this way are not well documented. In
this study, we propose several statistical
methods that can be used for this purpose.

“Check All  That Apply”
“Choose at most k Items”
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